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Hoashi et al. Mezgec and Seljak
Feature Extraction + SVM Deep Learning : NutriNet

Joutou and Yani Hassannejad et al. Chakkrit and Kanprachar
Feature Extraction + MKL Deep Learning : CNN Deep Learning : NU-ResNet
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Visual Features

Kawano and Yanai [2014c] HoG, Color + AROW

Martinel et al. [2015] Color, Shape, Texture + SVM

Ravl et al. [2015] HoG, Color, Texture

Martinel et al. [2016] SIFT, Color, Shape, Texture +
SVM

Zheng et al. [2017] SIFT, Color + SVM
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Visual Features

Wu et al. [2016] GoogleNet
Liu et al. [2016] Inception
Hassannejad et al [2016] Inception . ~ e o
CIIDUINIUIALANFFIAIIATN
Bolanos and Radeva [2017] GooglLeNet o sleuld Deep Learning
Pandey et al. [2017] AlexNet, GooglLeNet, ResNet
Aguilar et al. [2017] InceptionV3, GoogLeNet,
ResNet-50
McAllister et al. [2018] GoogLeNet, ResNet-50

Martinel et al. [2018] WISeR
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UEC FOOD-100 UEC FOOD-256 ETH FOOD-101
100 classes 256 classes 101 classes
14,000 images 32,000 images 101,000 images

Matsuda and Yanai [2012]
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Reference Visual UEC UEC ETHZ Food- —
Features Food100 Food256 101
[2014c]

Martinel et al. [2015] ML 80.33 o ~ o e
FDUIWIUIAYANTIAINAN

Martinel et al. [2016] ML 84.31 a’]ﬂjﬁﬁs[q?’qzmsﬂ’agﬂaghqﬁ’u

Zheng et al. [2017] ML 70.84

Yanai and Kawano Deep 78.77 67.57 70.41

[2015]

Liu et al. [2016] Deep 76.30 54.70 77.40

Hassannejad et al Deep 81.45 76.17 88.28

[2016]

Pandey et al. [2017] Deep 86.71

Martinel et al. [2018] Deep 89.58 83.15 90.27
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(Data Augmentation)
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(Model)
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ANstaonNYndaya (Dataset)

Yndoyad1isl Yndoyad1isl
DIUNNSTLUANSIALN 2IUISUANYSIUANS
léuA UEC Food-100, lefun food 201-multilabel

UEC Food-256,
ETH Food-101
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wanuaziatiouANWLIIUUAN ANslgAsIANEuUUAN
(Flip and distorting the image (Applying color augmentation
randomly) randomly)
ANsUALTDUNNNLANIUUAN DatdaumnuANdaaININ
(Applying photometric nazANNdNFIvDIRIUUAN
distortions randomly) (Distorting the image contrast

and saturation randomly)
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Astaaneiuiiuy (Model)

AULLUUERSY
@ ANS9INAINDINNS

. AlexNet AULUURN1ASU @ STUUSANANDINNS
- GooglLeNet ANSMS3AIVATNDINNG ) - y
« ResNet A9 NTTUURANNINDINNGRY
» MobileNet » Faster R-CNN MSIBUsIBEN
* YOLO
« SSD
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